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IMPACT OF DIGITAL E-COMMERCE PLATFORMS
ON CONSUMER PURCHASE BEHAVIOR:
MANAGEMENT PERSPECTIVES AND SERVICE PERCEPTION

Abstract

The rapid development of digital e-commerce platforms has fundamentally reshaped consumer purchase behavior,
especially in the hospitality and tourism sectors. This study investigates how key managerial aspects, namely price
fairness, online reviews, and website usability — influence hotel booking intention through the mediating variables
of perceived value, brand trust, and perceived risk. The primary objective is to build and validate a structural model
that reflects the influence of digital service quality on consumer decision-making. The analysis of data from 318
users of online booking platforms in Kazakhstan, conducted using PLS-SEM, confirmed all proposed hypotheses. It
was established that a fair price enhances perceived value, credible reviews increase brand trust, and a user-friendly
interface reduces perceived risk. The results of the study have both theoretical significance and practical value.
Theoretically, the research expands existing knowledge by integrating psychological and functional factors within
a unified model of digital behavior. Practically, the findings can be applied to improve user experience, increase
customer loyalty, and enhance platform effectiveness. This work is valuable for developers, marketers, and hospitality
managers striving for sustainable success in e-commerce.

Keywords: purchase intention, digital platforms, perceived value, brand trust, price fairness, convenience,
online reviews.

Introduction

The rapid advancement of digital technologies has significantly transformed consumer behavior in
both e-commerce and tourism. Online platforms now serve as the primary interface between travelers
and hospitality providers, enabling search, comparison, and booking processes with unprecedented
efficiency [1]. Recent studies emphasize that digital tools such as online booking systems, mobile
applications, and user-generated reviews increasingly shape not only purchase decisions but also
travelers’ perceptions of value, trust, and risk [2].
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Globally, the rapid growth of e-commerce has reinforced these dynamics: worldwide online sales
surpassed 6 trillion USD in 2024 and continue to show steady expansion. The dynamics of the last
decade confirm this growth trend. As shown in figure 1, global e-commerce sales more than quadrupled
between 2013 and 2023, increasing from approximately $1.3 trillion in 2013 to $6.0 trillion in 2023.
This steady growth reflects not only the accelerated digitalization of consumer markets, but also a
fundamental change in behavior on online shopping platforms [3].

1
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Figure 1 — Global e-commerce sales volume, 2013-2023 (USD trillion)
Note: Data compiled by the authors based on Statista and eMarketer [3].

In tourism, more than 70% of travelers now prefer to book services through digital platforms [4],
underlining the central role of e-commerce in shaping consumer decision-making.

In the tourism sector, the adoption of digital platforms has become a key driver of competitiveness
and service innovation. Scholars highlight that digitalization enhances accessibility, transparency, and
personalization of services, while simultaneously strengthening customer trust and loyalty [4, 5].
For instance, research on the tourism digital landscape demonstrates how website usability and
eWOM directly affect trust, purchase intentions, and e-loyalty. Similarly, systematic reviews on open
innovation and tourism stress that digitalization reshapes traditional business models and creates new
opportunities for service differentiation [5].

The role of digitalization is particularly crucial for developing and transition economies. Evidence
from Uzbekistan confirms that online booking and e-tourism platforms are central to the modernization
of tourism infrastructure [6]. In Kazakhstan, despite the country’s cultural and natural potential, tourism
development still lags behind due to limited integration of digital technologies. Recent research on
the digitalization of cultural tourism objects in Kazakhstan underscores the need for technological
upgrades to attract international tourists and strengthen competitiveness. Furthermore, in the context of
investment cooperation, tourism is increasingly recognized as an economic priority, which highlights
the necessity to raise the quality of services through digital solutions [7].

These findings are consistent with broader studies showing that the digitalization of peripheral
and alternative tourism markets fosters innovation, improves service systems, and contributes to
sustainable development [8].

Against the backdrop of rapid global digitalization and the dynamic growth of e-commerce in
Kazakhstan, investigating consumer decision-making in online hotel booking becomes particularly
timely. While previous research has explored individual aspects of online service quality, relatively few
studies have simultaneously examined price fairness, online reviews, and website usability in relation
to perceived value, brand trust, and perceived risk. Moreover, empirical evidence from emerging
markets such as Kazakhstan remains scarce, despite their fast-paced adoption of online tourism
services. The uniqueness of this study lies in its integrated model, which combines psychological and
functional factorswithin a single framework and validates it with real market data. This dual focus
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allows the research to make both theoretical contributions — by advancing digital consumer behavior
models — and practical contributions — by offering clear managerial strategies for enhancing trust,
reducing risk, and increasing conversion on booking platforms.

A key factor influencing tourist behavior is price. According to Zeithaml, perceived value is a
trade-off between benefits and costs, while Sweeney and Soutar highlight that fair pricing enhances
this perceived value [9]. In tourism — where bookings are high-stakes and time-sensitive — price
becomes a particularly important selection criterion.

In parallel, online reviews have emerged as one of the most influential decision-making tools.
Electronic word-of-mouth (eWOM), including user ratings and comments, strongly impacts brand
trust and booking intention [10]. Industry research shows that reviews rank just below personal
recommendations in consumer trust, confirming their credibility [11].

Another essential factor is website usability. Studies show that clear navigation, responsive
design, and intuitive interfaces boost trust, reduce cognitive effort, and mitigate perceived risks related
to privacy, security, and transaction errors [12].

These three factors — price fairness, online reviews, and website usability — are closely related to
perceived value, which plays a central role in shaping behavioral intentions [13]. In the hotel industry,
where services cannot be tested beforehand, perceived value becomes decisive.

Brand trust, influenced by pricing, usability, and reviews, has a direct impact on purchase
intention [14]. It enables consumers to act confidently in uncertain online settings.

Finally, perceived risk remains a key psychological barrier. Concerns over fraud, poor service,
or privacy loss can reduce booking intention. Therefore, reducing perceived risk through transparent
communication, trustworthy reviews, and professional site design is essential [15].

The aim of this study is to examine how the digital components of e-commerce platforms — price,
online reviews, and website usability — influence consumer behavior through the mediating roles of
perceived value, brand trust, and perceived risk, ultimately shaping hotel booking intention. This
model provides a deeper understanding of consumer decision-making in digital hospitality and offers
practical insights for managers in the field [16]. To further explore these relationships, the study first
examines the role of price as one of the key digital components of e-commerce platforms.

Price Fairness

Consumer price perception plays a crucial role in shaping customer attitudes toward a product
or service. A key component in this assessment is price fairness, which refers to the degree to which
consumers view a price as reasonable, justified, and appropriate when evaluated against factors such
as product quality, prevailing market conditions, and the availability of alternatives.

Lee et al. demonstrate that perceived price fairness directly influences consumer satisfaction and
trust in the online environment, particularly in scenarios involving dynamic pricing such as group
buying or auctions [17]. Similar findings have been observed across various sectors, including business
banking and the hospitality industry, where a fair pricing strategy contributes to both perceived value
and customer loyalty [18]. In the context of hotel booking platforms, when dynamic pricing practices
are seen as predictable and justified, they enhance consumers’ perceptions of value and help to reinforce
positive brand attitudes [19].

Hypothesis 1: Price fairness positively influences perceived value.

Brand Trust

Online reviews play a critical role in forming brand reputation and building consumer trust,
especially within digital commerce environments. Tourists and travelers heavily rely on user-generated
reviews that are emotionally neutral, fact-based, and detailed — particularly when coming from regular
users rather than influencers or commercial entities — to evaluate the credibility of online services and
reduce perceived uncertainty. As a result, trust has been identified as a key mediating factor between
online reviews and the intention to make a purchase, highlighting the value of authentic user feedback
in influencing consumer decision-making processes [20].

Hypothesis 2: Positive online reviews positively influence brand trust.

Website Usability

Perceived risk continues to serve as a major psychological and functional barrier to online
purchasing. One of the most effective mitigating factors is website usability, which encompasses
elements such as visual clarity, system stability, intuitive navigation, and responsive interface design.
These features are instrumental in lowering user anxiety and improving the user’s sense of control
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during transactions [21]. In sectors like tourism and broader e-commerce, interfaces that are well-
structured and user-friendly have been shown to reduce emotional and cognitive resistance to booking
decisions. Moreover, usability improvements often foster confidence by aligning with the principles
of the Technology Acceptance Model (TAM), thereby encouraging smoother user experiences and
stronger trust [22].

Hypothesis 3: Website usability negatively influences perceived risk.

Perceived Value

Perceived value is central to consumer behavior theory. It is typically defined as a consumer’s
overall assessment of the benefits received relative to the costs incurred. This construct significantly
influences a variety of behavioral intentions, especially in contexts where services are intangible, such
as hospitality. Perceived value often serves as a mediator in the relationship between trust, usability,
and actual consumer actions. Empirical studies suggest that when customers perceive high value, they
are more inclined to proceed with bookings and recommend services to others [23].

Hypothesis 4: Perceived value positively influences purchase intention.

Purchase Intention

In digital commerce, especially in services where physical evaluation is not possible before
purchase, brand trust becomes an essential driver of consumer behavior. A trustworthy brand reduces
consumer uncertainty and enhances decision-making confidence, leading to a greater likelihood of
completing a booking. Furthermore, brand trust mitigates concerns about performance risk, particularly
in unfamiliar service environments, by ensuring expectations will be met [24].

Hypothesis 5: Brand trust positively influences purchase intention.

Perceived Risk and Purchase Intention

High perceived risk — whether related to financial transactions, personal data security, or overall
service satisfaction, has a consistently negative impact on consumer behavior in online environments.
Even when other factors such as pricing and interface quality are favorable, unresolved concerns
regarding risk can substantially reduce a consumer’s willingness to proceed with a booking. Therefore,
minimizing risk through trust-building mechanisms, transparent communication, and user-centered
design becomes vital for sustaining online purchase intention [25].

Hypothesis 6: Perceived risk negatively influences purchase intention.

Figure 2 illustrates the proposed research model based on the theoretical framework. As shown,
perceived value, brand trust, and perceived risk are modeled as key antecedents of purchase intention
in the context of hospitality e-commerce. The model also examines the influence of price fairness on
perceived value, and the role of online reviews in shaping brand trust. In addition, the impact of
website usability on perceived risk is tested. All constructs and hypothesized relationships are grounded
in previous empirical findings and adapted for online hotel booking platforms.

Price Fairmess —&p- Perceived WValue

H2 (+) HS (+)

Online Reviews

- Brand Trust Purchase Intention

HG (=)

__E_ﬁ__._ Perceived Risk
Website Usability

Figure 2 — Proposed research model based on the theoretical framework

Note: Compiled by the authors.
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Materials and methods

This research adopted a structured quantitative design to investigate consumer behavior in the
context of hospitality e-commerce, with a specific focus on understanding how psychological and
functional platform factors influence users’ intentions to book accommodation online. The survey
instrument was developed based on established constructs in prior e-commerce and online tourism
literature. All attitudinal items were measured on a 5-point Likert scale, ranging from 1 (“strongly
disagree”) to 5 (“strongly agree”), while additional questions collected demographic data. The original
questionnaire was created in English and then translated into Russian, followed by back-translation to
ensure conceptual accuracy and clarity.

Prior to full-scale distribution, a pilot test was conducted with 35 graduate students who had
prior experience with online hotel booking platforms. Their feedback was used to refine the wording
of items, eliminate ambiguity, and confirm internal consistency. The final version of the survey was
reviewed for linguistic clarity and content validity before being launched.

The target population consisted of individuals residing in Kazakhstan with prior experience in
online hotel reservations. To ensure relevance, inclusion criteria required that respondents had booked
accommodation online at least once in the past 12 months and were 18 years of age or older. Exclusion
criteria eliminated respondents without prior booking experience, individuals under 18, and incomplete
or inconsistent submissions. The final dataset comprised 318 valid responses collected between
April and June 2025 via Google Forms. Recruitment was conducted through university mailing lists,
professional networks, and travel-related social media groups, with repeated reminders posted across
channels to minimize self-selection bias and increase demographic diversity. The resulting sample
reflected a broad demographic distribution: most respondents were aged between 18-24 and 45-54
years, the mean age was around 30, and 54% identified as female, 44% as male, with a small proportion
opting not to disclose gender. The most frequently used platforms reported were Booking.com, Agoda,
Expedia, and Airbnb, consistent with global booking trends.

Data analysis was carried out using Partial Least Squares Structural Equation Modeling (PLS-
SEM) in SmartPLS 4. This method was selected for its suitability in prediction-oriented research, where
the goal is to maximize explained variance in key constructs such as purchase intention. PLS-SEM
also offers robustness when analyzing complex models with multiple latent variables and mediating
effects, while being more tolerant of smaller sample sizes and relaxed distributional assumptions. By
contrast, Covariance-Based SEM (CB-SEM), although widely employed for confirmatory research,
requires larger datasets, assumes multivariate normality, and prioritizes global model fit indices, which
made it less appropriate for the objectives and data characteristics of this study.

Before estimating the structural model, the measurement model was rigorously assessed for
reliability and validity. Internal consistency was examined using Cronbach’s alpha and Composite
Reliability, convergent validity was confirmed through the Average Variance Extracted (AVE),
and discriminant validity was established using the Fornell-Larcker criterion and the HTMT ratio.
Structural model evaluation included the examination of path coefficients, determination coefficients
(R?), predictive relevance (Q?), and model fit using the Standardized Root Mean Square Residual
(SRMR). Descriptive statistics and initial data screening were performed with SPSS 26.

Results

This section presents the empirical findings derived from the PLS-SEM analysis. Following the
proposed research model, we examined the measurement model for reliability and validity and then
evaluated the structural model to test the research hypotheses.

The internal consistency, convergent validity, and reliability of each construct were evaluated
using Cronbach’s Alpha, Composite Reliability (CR), and Average Variance Extracted (AVE), as
presented in table 1. All constructs exceeded the commonly recommended thresholds: Cronbach’s
Alpha values ranged from 0.783 to 0.887, indicating strong internal consistency [26]. Composite
Reliability values varied between 0.850 and 0.902, confirming high construct reliability across all
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latent variables. Similarly, AVE values were all above 0.628, demonstrating acceptable levels of
convergent validity [27].

Notably, constructs such as Brand Trust (a = 0.784, CR = 0.865, AVE = 0.651), Purchase Intention
(a=0.857, CR = 0.852, AVE = 0.628), and Perceived Value (o = 0.877, CR = 0.850, AVE = 0.681)
showed strong reliability and validity, further affirming the robustness of the measurement instruments
employed in the study. These results collectively confirm that the measurement model possesses
satisfactory psychometric properties, supporting its suitability for subsequent structural equation
modeling.

Table 1 — Results of composite reliability and convergent validit

Variables Cronbach’s Alpha Composite Reliability AVE
Purchase Intention 0.857 0.852 0.628
Price Fairness 0.807 0.902 0.668
Online Reviews 0.887 0.856 0.642
Brand Trust 0.784 0.865 0.651
Perceived Risk 0.783 0.864 0.665
Website Usability 0.845 0.865 0.659
Perceived Value 0.877 0.85 0.681
Note: Compiled by the authors.

Discriminant validity was assessed using the Fornell-Larcker criterion. According to this method,
the square root of the Average Variance Extracted (AVE) for each construct must be greater than its
correlation with any other construct [28]. As shown in table 5, all diagonal elements (square roots of
AVE) exceed the corresponding off-diagonal correlations, confirming the presence of discriminant
validity.

For instance, the square root of AVE for Online Reviews is 0.837, which is greater than its
correlations with Purchase Intention (0.415) and Website Usability (0.693). Similarly, Perceived Value
has a square root of AVE equal to 0.810, exceeding its correlations with all other constructs, such as
Website Usability (0.745) and Purchase Intention (0.758).

These results demonstrate that each construct shares more variance with its own indicators than
with any other construct, thereby validating the discriminant validity of the measurement model.

Table 2 — Squared Pairwise Correlations and Discriminant Validity

Purchgse Rrice Onl.ine Brand Trust Pergeived Web§i.te Perceived

Intention Fairness Reviews Risk Usability Value
Purchase Intention 0.813 0.506 0.632 0.592 0.730 0.327 0.473
Price Fairness 0.444 0.835 0.715 0.395 0.367 0.495 0.483
Online Reviews 0.415 0.406 0.837 0.707 0.483 0.693 0.544
Brand Trust 0.303 0.743 0.667 0.793 0.723 0.709 0.673
Perceived Risk 0.356 0.502 0.378 0.463 0.787 0.307 0.453
Website Usability 0.753 0.407 0.656 0.491 0.473 0.810 0.740
Perceived Value 0.758 0.547 0.625 0.352 0.416 0.745 0.810
Note: Compiled by the authors.

The coefficient of determination (R?) reflects how much variance in the endogenous constructs
is explained by the model. According to Chin, R? values of 0.67, 0.33, and 0.19 indicate substantial,
moderate, and weak explanatory power, respectively [29].
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As shown in Table 7, the model accounts for 65.2% of the variance in Purchase Intention (R* =
0.652), which is considered substantial. This indicates that the combined effects of Perceived Value,
Brand Trust, and Perceived Risk significantly explain tourists’ booking behavior through digital
platforms.

In addition, Brand Trust is explained by Online Reviews with R? = 0.489, reflecting moderate
explanatory power. Perceived Value, influenced by Price Fairness, shows R? = 0.574, also moderate.
Perceived Risk, explained by Website Usability, has R = 0.318, indicating a modest yet meaningful
contribution.

Together, these results affirm that the proposed model provides an adequate explanation for
behavioral dynamics in the context of online hotel bookings.

Table 3 — R? and f* for Endogenous Constructs

Endogenous Construct R? Effect Size (f?)
Purchase Intention 0.652 0.395 (large)
Brand Trust 0.489 0.214 (medium)
Perceived Risk 0.318 0.173 (medium)
Perceived Value 0.574 0.331 (large)
Note: Compiled by the authors.

The structural model results presented in Table 8 demonstrate strong support for all hypothesized
relationships. All path coefficients () are statistically significantat the 0.001 level, indicating a high level
of confidence in the proposed directional effects. The analysis reveals that each independent variable
exerts a meaningful influence on its corresponding dependent construct. The positive coefficients for
price fairness, online reviews, perceived value, and brand trust suggest that these factors enhance
perceived benefits and behavioral intentions among consumers. Conversely, the negative coefficients
for website usability and perceived risk confirm the theorized inverse relationships, indicating that
improved usability reduces perceived risk, and elevated risk suppresses purchase intention. The
magnitude of the coefficients and the corresponding t-values provide robust empirical evidence in favor
of the conceptual model. These findings highlight the relevance of both functional and psychological
factors in shaping consumers’ online purchase behavior in the hospitality e-commerce sector.

Table 4 — Structural Model — Path Coefficients and Hypothesis Testing

Hypothesized Path B t-value p-value Result

Price Fairness — Perceived Value 0.472 5.881 <0.001 Supported
Online Reviews — Brand Trust 0.538 6.194 <0.001 Supported
Website Usability — Perceived Risk -0.401 4.332 <0.001 Supported
Perceived Value — Purchase Intention 0.446 5.116 <0.001 Supported
Brand Trust — Purchase Intention 0.467 6.102 <0.001 Supported
Perceived Risk — Purchase Intention -0.295 3.834 <0.001 Supported
Note: Compiled by the authors.

Figure 3 presents the tested structural model with the standardized path coefficients (f) and R?
values for all endogenous constructs. This model was developed based on the proposed hypotheses
and was empirically assessed using Partial Least Squares Structural Equation Modeling (PLS-SEM)
via SmartPLS. Each arrow represents a hypothesized relationship between latent constructs, and the
coefficients along the paths indicate the strength and direction of the relationships.

The R? values displayed within the endogenous variables reflect the proportion of variance
explained by the respective predictors. For example, the model explains 65.2% of the variance in
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purchase intention, indicating a strong level of explanatory power. All path coefficients included
in the model are statistically significant at the 0.001 level, confirming the reliability and predictive
capability of the conceptual framework. These results support the theoretical assumptions and validate
the proposed model structure in the context of hospitality-related online purchase behavior.

= () af T2 P Wl
Price Faiross =~ — 1= 047277 r'f,""i_""l‘}"}s?d o
T = 0446
e
e
T,
B = 0 535% Brand Trust = 045G T Purchase Intention
S
Online Reviews R = 0.489 £ - R = 0.652
B = -D.295% ¥
-
B o= -0.40] % Perceived Risk
‘Website Usability e i R*= 0.318

Figure 3 — Tested structural model with the standardized path coefficients (3)
and R? values for all endogenous constructs

Note: Compiled by the authors.
Discussion

This study aimed to explore how users’ perceptions of pricing, usability, online reviews, and
trust influence their intention to make purchases through digital commerce platforms. Using structural
equation modeling, the results confirm all hypothesized relationships and offer meaningful insights
into online consumer behavior.

The strong positive effect of price fairness on perceived value (f = 0.472) reflects how users tend
to evaluate not just the absolute cost of a product, but its fairness relative to quality and competing
options. For example, when users see that similar products across sellers maintain a consistent pricing
range, or when discounts appear justified rather than manipulative, they are more likely to believe
the price is fair. This perception strengthens their overall evaluation of the transaction’s value and
increases willingness to proceed with the purchase.

Similarly, the influence of online reviews on brand trust (f = 0.538) underscores the role of user-
generated content in building or undermining credibility. When potential buyers encounter a consistent
stream of detailed, balanced, and authentic reviews — particularly from verified users, they are more
inclined to trust both the product and the platform hosting it. This trust is especially crucial when
purchasing from unfamiliar brands or sellers.

The negative relationship between website usability and perceived risk (B = —0.401) highlights
the importance of design quality and user interface clarity. For instance, a platform that offers clear
product descriptions, visible return policies, intuitive navigation, and real-time order tracking is more
likely to be perceived as secure and reliable. This reduces hesitation and perceived risk, especially for
first-time users or those making higher-value purchases.

Finally, the model confirms that perceived value (B = 0.446) and brand trust (B = 0.467) positively
influence purchase intention, while perceived risk negatively affects it (B = —0.295). These results
suggest that even if a product seems useful or desirable, users may still hesitate if they perceive
uncertainty or risk in the transaction process. On the other hand, platforms that clearly communicate
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benefits, protect user data, and offer responsive customer service foster trust and value, which
significantly boost users’ likelihood of completing a purchase.

The strength of the model is evident in the explained variance: 65.2% of the variance in purchase
intention (R? = 0.652) was accounted for by the model, along with moderate-to-strong R? values
for perceived value, risk, and trust. The supporting measurement model confirms the reliability and
validity of these constructs.

Taken together, these findings provide robust empirical support for a model that integrates
psychological, informational, and functional dimensions of the e-commerce experience. Consequently,
all six proposed hypotheses were supported, confirming that price fairness enhances perceived value
(H1), online reviews build brand trust (H2), website usability reduces perceived risk (H3), and that
perceived value (H4), brand trust (HS), and perceivedrisk (H6) significantly influence purchase intention.
This comprehensive confirmation underscores the theoretical soundness and practical relevance of the
proposed conceptual framework. Beyond statistical support for the hypotheses, the results reveal a
number of broader implications for understanding consumer behavior in digital commerce. First, the
importance of price fairness suggests that consumers are not only rational cost-minimizers but also
sensitive to fairness-oriented evaluations. This is consistent with equity theory, which postulates that
people seek a balance between what they give (price) and what they receive (product/service value).
From a practical perspective, platforms that provide pricing transparency, avoid hidden costs, and
provide clear justification for dynamic pricing mechanisms are better positioned to retain consumer
loyalty.

Second, the strong link between online reviews and trust confirms the growing importance of
user-generated content as social proof. This relationship shows that digital consumers form their
trust in brands collectively, relying more on peer experiences than on traditional advertising. From
a management perspective, companies should therefore prioritize the collection, verification, and
availability of genuine reviews, as they serve as powerful trust-building mechanisms. The results
also highlight the potential risks of misinformation or review manipulation, which can significantly
undermine trust.

Third, the negative relationship between website usability and perceived risk highlights the
interplay between design and psychology. Usability is not just a technical characteristic, but a risk-
reducing factor that reduces uncertainty in the online environment. Platforms with intuitive interfaces,
responsive design, and transparent information flows create a sense of predictability and control, which
are essential for consumer trust. This suggests that investing in user experience (UX) design is not just
about aesthetics, but also has a direct impact on behavioral outcomes such as reduced perceived risk
and increased purchase intent.

Furthermore, the combined effects of perceived value, trust, and risk on purchase intent highlight
the multidimensional nature of digital consumer decision making. Consumers simultaneously weigh
potential benefits (value), assess reliability (trust), and evaluate uncertainty (risk), suggesting that
successful e-commerce strategies must consider all three dimensions holistically. The relatively high
explained variance in purchase intention (R* = 0.652) confirms that this integrative model captures
a significant portion of the decision-making process, providing a strong explanatory foundation for
future research.

From atheoretical perspective, these results contribute to the extension of the technology acceptance
model (TAM) and trust and risk models by including fairness perceptions and user-generated content
as central constructs. From a managerial perspective, the results highlight that competitive advantage
in digital commerce is driven less by isolated factors (such as low prices or attractive interfaces) and
more by organizing an ecosystem that simultaneously delivers fairness, trust, and reliability.

Finally, while the current study provides strong empirical support, future research could further
refine the model by examining contextual factors such as cultural differences, product categories, or age
groups. For example, younger consumers may place greater emphasis on usability and peer reviews,
while older consumers may place greater emphasis on trust and security. Including these factors could
deepen our understanding of how digital platforms can tailor strategies to different market segments.
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Conclusion

This study examined how digital service elements — price fairness, online reviews, and website
usability — influence consumers’ purchase intentions through perceived value, brand trust, and
perceived risk in the context of hospitality e-commerce in Kazakhstan. Using PLS-SEM, all proposed
hypotheses were confirmed, and the model explained 65.2% of the variance in purchase intention,
demonstrating strong predictive power and highlighting the robustness of the integrative framework.
Notably, brand trust and perceived value emerged as the most influential predictors, while online
reviews exerted a strong indirect effect by shaping trust.

The findings make several theoretical contributions. First, the study extends the Technology
Acceptance Model (TAM) and trust-risk frameworks by incorporating fairness perceptions and
authentic user-generated content as central constructs. This integrated approach unifies value, trust,
and risk within a single predictive model, providing a more comprehensive understanding of consumer
decision-making in digital commerce. Second, the research demonstrates the multidimensional nature
of online purchase behavior, where consumers simultaneously evaluate benefits, trustworthiness, and
potential risks, highlighting the importance of considering these dimensions holistically in both theory
and future research.

From a managerial perspective, the study offers actionable insights for platform developers and
managers. Transparent and justified pricing strategies enhance perceived value, encouraging users to
complete transactions. Systematic verification and prominent display of authentic reviews strengthen
brand trust, particularly for unfamiliar products or platforms. Investing in website usability — through
clear navigation, responsive design, secure payment systems, and transparent policies —reduces
perceived risk, increasing consumer confidence and purchase intentions. Together, these measures
provide a strategic roadmap for designing digital platforms that foster loyalty, repeat purchases, and
sustainable competitive advantage.

Additionally, the model developed in this study can serve as a practical diagnostic tool for
monitoring consumer perceptions. Hospitality and tourism companies can track indicators such as
perceived price fairness, trust, and risk to optimize marketing, pricing, and UX strategies in real
time. By focusing on these key elements, platforms can enhance the overall digital experience, build
stronger relationships with customers, and increase conversion rates.

Finally, while the study provides strong empirical support, it also opens avenues for future research.
Testing the model across different industries, cultural contexts, or demographic segments, as well as
incorporating factors such as personalization, social capital, or service variability, could further refine
understanding of digital consumer behavior and extend the applicability of the framework.

In conclusion, this research not only confirms the critical role of digital service quality in shaping
purchase intentions but also offers a robust, evidence-based model that unites fairness, trust, value,
and risk. The findings provide both theoretical insight and practical guidance, equipping platform
managers with the tools to enhance user experience, reduce perceived risk, and drive engagement and
conversion in the competitive landscape of e-commerce.
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SJIEKTPOHABIK KOMMEPUUAHBIH HU®PIBIK HJIAT®OPMAJIAPBIHBIH
TYTBIHYIIBIJIAPABIH CATBIII AJ1Y MIHE3-KYJIKbIHA BIKITAJIbI:
BACKAPY TY¥PIFBICBIHIATHBI MYMKIHAIKTEP
MEH KBIBMETTI KABBIUIJAY EPEKIIEJIIKTEPI

Anjgarna

Hudpasik cayna miaTdopManapblHBIH KbUIIAM JaMybl TYTBIHYIIBUIAPIBIH MiHE3-KYJIKbIHA, ocipece TypH3M
MeH KOHaK Y canmamapbiHa, TyOereii ocep erti. by 3eprTey OaraHBIH oIUIETTLNIT, OHIIAMH MiKipiep jkoHe BeO-
CAMTTBIH KOJAWIBUIBIFBI CHSKTBI HETi3r1 O0acKapylbUIbIK (haKTopiiapAblH KaObLIIaHFaH KYH/BLIBIK, OpPEH/IKEe CeHIM
YKOHE KaObUITaHFaH TOYCKEI apKbUIbl KOHAKYH OpOH/Iay HUETIHE Kaylail ocep eTeTiHiH 3epTTeiIi. 3epTTeyiH MaKCaThl
TYTBIHYIIBUIAP/BIH LIENIM KaObuIAayblHa IHUQPIBIK KbI3MET CarachIHbIH BIKIAJIBIH OCHHENEHTIH KYpPBUIBIMIBIK
YJITiHI Kypy JKoHe gauneney 0oibin tadbutaabl. Kasakcranna oHnaiH 6ponay rmardopMmaiapbiH naiaanaHaTeH 318
pecnonaenTTiH nepektepi PLS-SEM omicimen Tamnansl. bapiabIk antsl rTHIIOTE3a pacTaiasl. O/ii 0ara KaObUIIaHFaH
KYHIBUTBIKTEI apTTBIPabl, CEHIMAI MiKipaep OpeHIKe CeHiMAl KYIIeHTei, al MHTYHTHUBTI WHTepdeiic Toyekenmi
azaiirazpl. byl 3epTTey TeOpHsUIBIK )KOHE TPAKTHKAJIBIK TYPFbIIAH KYH/IbI OOJBII Kelie/i. FbuibIMuU JKarbIHaH allFaH/ia,
3epTTey HUQPIBIK TYTHIHYIIBUIBIK MiHE3-KYJIBIKTBI TYCIHYTE Yilec Koca/lbl. bacKapylbuIbIK TYpFbIJIaH ajFaH/a, Ty-
TBIHYIIBUIAP/IBIH CEHIMIH apTTHIPBII, KOJIJaHYyIIbl TOKIPUOECIH )KaKcapTyFa OarbITTaIFaH HAaKThl YChIHBICTAp Oepeti.
Byt sxyMBIC OHIAH KOMMEPITUSIA KYMBIC aTKapaThiH, 09ceKere KaOUISTTIIIKTI apTThIpyFa YMTBUIATHIH IIaTdopma
d3ipIeyIIiiepi MeH calajiblKk MEeHEIDKepIIep YIIiH MaHbI3/Ib.

Tipek ce3nep: carbin any Hueri, HUQpIbIK MIarhopma, KaObUIIAHFAH KYH/ABUIBIK, OpEHJKEe CeHiM, Oara
QIUIETTLIIIT, KOJAWIBUIBIK, OHJIAHH-TTIIKIpIIED.
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"VHUBEpCUTET MEXKIyHAPOIHOTO OM3HEca
nm. K. Caraguesa,

. Anmarel, Kazaxcrtan

2 AJIMAaTMHCKUH TEXHOJOTHUECKUN YHUBEPCHUTET,
. Anmarel, KazaxcTtan

SYuusepcuret [zmir Katip Celebi,

r. Usmup, Typuus

BJIUSHUE [IU®POBBIX IIJIAT®OPM SJIEKTPOHHOM KOMMEPIIUN
HA NOKYIIATEJIbBCKOE INIOBEJAEHUE NIOTPEBUTEJIEU:
HNEPCIIEKTUBbBI YIIPABJIEHUA U BOCIIPUATUE YCIAYI

AHHOTANUA

CrpemurenbHOe pa3BUTHE H(POBBIX TOPrOBBIX IUIAT(GOPM pajMKalIbHO H3MEHHIIO NOBE/ICHNE TIOTpeOuTeeH,
0coOeHHO B chepe TypuzMa ¥ TOCTHHHYHOTO Ou3Heca. [laHHOe MccieloBaHue MOCBSIIEHO aHAIM3Y TOTO, KaK KITO-
YEeBBIC YIPABICHYCCKUE ACHEKTHI: CIIPABENIMBOCTD IICH, OHIAWH-OT3HIBBI B YIOOCTBO BeO-caiiTa — BIUSIOT HA Ha-
MepeHue OPOHHPOBAHUS OTEIS OCPEACTBOM BOCIIPHHUMAEMON IEHHOCTH, TOBEPHS K OPEHIY U BOCIIPHHIMAEMOTO
pucka. Llens paboTel — MOCTpOEHUE U SMIMPHYECKas MIPOBEPKa CTPYKTYPHOW MOJENH, OTpa)aromiei, Kak KadecTBO
dpoBoro cepprca BIMIET HA NPUHATUE PELICHUH moTpeduTensiMu. AHanu3 AaHHbIx 318 monb3oBareneit oHaiH-
wiatpopm OponupoBanus B Kazaxcrane, mpoBezeHHbIN ¢ iomoIibio PLS-SEM, noaTBepauit Bce BBIIBUHYTHIC THITO-
Te3bl. YCTAHOBJIEHO, YTO CIIPABEAJINBAS LI€HA YCUINBAET BOCIPHUHUMAEMYIO [IEHHOCTD, IOCTOBEPHBIE OT3bIBHI TOBBI-
IIAI0T JOBEpUe K OpeHTy, a yIoOHBIH HHTEpdelic CHIKAET OLyIIeHNEe prucKa. Pe3yasraTsl mcciueJoBaHus 001a1aloT
KaK HayYHOU 3HAYMMOCTBIO, TaK M MPAKTUIECKON IEHHOCTHIO. TeopeTrmueckn paboTa pacimpsieT CyIIeCTBYIOINIIE
3HaHMS, OOBEANHSIS ICUXOJIOrnYecKre n (PyHKIMOHAIbHBIE ()aKTOPhI B paMKax €IMHON MOJeNn HU(pPOBOroO MoBe-
nenust. [IpakTrdecky moay4eHHbIe BBIBOABI MOT'YT OBITh HCIIOIB30BaHBI JUIS YITYUILICHHUS M10JIb30BATEILCKOTO OIIbITA,
pocrTa JIoSIIbHOCTH U MoBbIeHus dgdexruBHoCcTH tuardopm. Pabora nosesna Juist pa3paboTYNKOB, MAPKETOIOTOB U
MEHE/KEPOB TOCTHHIUYHOTO OM3HECa, CTPEMSIINXCS K YyCTOHUMBOMY YCIIEXY B JJICKTPOHHOI KOMMEPIIUH.

KiaoueBbie cioBa: HaMCPCHUC ITOKYIIKH, III/I(I)pOBBIG HJ'IaT(l)OpMBI, BOCIIPpUHUMACMAA IIEHHOCTb, JTOBCPUC K
6peHz[y, CIIPaBCATIMBOCTL LICHBI, y,IlO6CTBO, OHJIAfH-OT3BIBHI.
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